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ABSTRACT  

 

Aim: This single-case study aimed to investigate the acute effects of a structured diet and exercise protocol on 
glycemic control and variability in a sedentary prediabetic individual, using continuous glucose monitoring. 

Material and Method: A 40-year-old female with prediabetes underwent a 6-day controlled intervention with 

a fixed macronutrient diet and three daily sessions of moderate-intensity continuous cycling on an ergometer. 
Interstitial glucose was monitored via Medtronic iPro2 CGM at 5-min intervals. Glycemic metrics (mean 

glucose, time in range, variability) were analyzed for 24-h, daytime, and nighttime using Glyculator 3.0 

software per international consensus. Pre- and post-intervention assessments included body composition and 
fasting metabolic parameters (insulin, HOMA-IR). 

Results: Fasting insulin decreased from 16 to 8.91 µIU/mL; HOMA-IR from 3.55 to 1.98. CGM showed mean 

glucose of 106.88 mg/dL, 100% time in range (70-180 mg/dL), but elevated glycemic variability (higher 
daytime vs. nighttime). Pre-meal exercise consistently blunted postprandial glucose peaks. Body composition 

improved. 

Conclusion: Short-term lifestyle intervention rapidly enhanced insulin sensitivity and body composition. 
CGM detected high variability despite normal averages, underscoring its role in early dysglycemia detection 

and personalized guidance on exercise timing. 

 
Keywords: Aerobic Exercise, Continuous Glucose Monitoring, Glycemic Variability, Prediabetes. 

 

ÖZET  

 

Amaç:  Bu tek vaka gözlem çalışması, prediyabetli sedanter bir bireyde, 1 haftalık yapılandırılmış diyet ve 

egzersiz protokolünün glisemik kontrol ve değişkenlik üzerindeki akut etkilerini sürekli glikoz izleme (SGİ) 
ile araştırmayı amaçlamıştır. 

Materyal ve Metod: Prediyabetli 40 yaşında kadın katılımcı, sabit makro besin diyeti ve bisiklet 

ergometresinde günde üç seans orta yoğunluklu sürekli antrenman (OYSA) içeren 6 günlük kontrollü 

müdahaleye alındı. Glukoz, Medtronic iPro2 SGİ cihazıyla izlendi. Glisemik ölçümler uluslararası konsensüse 

göre hesaplandı; veriler Glyculator 3.0 ile 24 saat, gündüz ve gece için analiz edildi. Vücut kompozisyonu ve 

metabolik parametreler müdahale öncesi ve sonrası değerlendirildi. 
Bulgular:  Açlık insülini (16'dan 8,91 µIU/mL) ve HOMA-IR (3,55'ten 1,98) düştü. CGM'de ortalama glukoz 

106,88 mg/dL ve hedef aralıkta kalma süresi (TIR) (70-180 mg/dL) %100 olmasına rağmen, glisemik 

değişkenlik yüksekti (değişim katsayısı CV: %14,67; glisemik eksürsyonların ortalama genliği MAGE: 28,07 
mg/dL). Gündüz değişkenliği geceye göre daha yüksekti. Yemek öncesi egzersiz, yemek sonrası glukoz 

artışlarını belirgin şekilde azalttı. 

Sonuç: Kısa süreli yapılandırılmış yaşam tarzı müdahalesi, prediyabette insülin duyarlılığını ve vücut 
kompozisyonunu hızla iyileştirdi. SGİ, normal ortalama glukoza rağmen artmış glisemik değişkenliği ortaya 

koyarak, erken disgliseminin saptanması ve egzersiz zamanlaması gibi kişiselleştirilmiş tedavi kılavuzluğunda 

değerli bir araç olabileceğini gösterdi. 
 

Anahtar Kelimeler: Aerobik Egzersiz, Glisemik Değişkenlik, Prediyabet, Sürekli Glukoz Izleme.  
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INTRODUCTION 

Prediabetes is a critical clinical intermediate stage that carries a high risk for type 2 diabetes (T2D), 

is often asymptomatic, and is increasing in global prevalence (Carvalho & Liang, 2024; Echouffo-

Tcheugui et al., 2023; Bent et al., 2021). 

Traditional diagnostic methods (HbA1c, fasting glucose) cannot adequately reflect intraday glucose 

fluctuations (Cichosz et al., 2025). In contrast, Continuous Glucose Monitoring (CGM) systems reveal 

the dynamic nature of control by providing consensus-based advanced metrics such as time in range 

(TIR) and coefficient of variation (CV) (Rodbard, 2012; Danne et al., 2017; Battelino et al., 2019, 2022). 

Regular aerobic exercise is an important component of lifestyle interventions for prediabetes. It has 

been shown to improve insulin sensitivity and glucose regulation, thereby reducing the risk of 

progression to type 2 diabetes (Ji et al., 2025). Integrating CGM data with physiological responses to 

exercise can further improve these interventions by providing detailed feedback on how different 

exercise methods affect individual glucose profiles (Choi et al., 2023). Thirty minutes of aerobic 

exercise pre-meals has been shown to acutely improve postprandial glucose fluctuations, particularly in 

individuals with impaired glucose tolerance (Chaudhry et al., 2024). 

However, a consensus has yet to be reached regarding the precise role of CGM in prediabetes. In 

this heterogeneous condition, average glucose may remain within normal limits, while postprandial 

elevations and increased glycemic variability may be observed (Polonsky et al., 1988). Recent studies 

suggest that glycemic variability metrics may be more sensitive than average glucose for detecting 

prediabetes (Olsen et al., 2024; Cichosz et al., 2025). Furthermore, short “exercise snacks” performed 

pre-meals have been shown to reduce postprandial glycaemia (Francois et al., 2014). 

The objective of this study was twofold: firstly, to evaluate glycemic variability and the effect of 

exercise timing using CGM data collected under a fixed diet and a one-week intensive exercise protocol 

in a prediabetic individual without prior exercise history; and secondly, to investigate the therapeutic 

effect of the training program as well as the potential of CGM for personalised monitoring. 

MATERIAL AND METHOD  

Participant, Protocol and Data Collection 

The rationale for selecting the combined protocol of a Mediterranean-based isocaloric diet, three 

daily sessions of moderate-intensity exercise before meals, and continuous glucose monitoring stems 

from their synergistic physiological effects on postprandial glucose control, insulin sensitivity, and 

glycemic variability in prediabetes (Chang et al., 2020; Slentz et al., 2016) Specifically, the isocaloric 

diet with fixed meal times and balanced macronutrient composition (50–55% carbohydrates, 15–20% 

protein, 25–30% fat) standardizes the metabolic challenge, thereby minimizing within-day glucose 

fluctuations and postprandial excursions. Pre-meal moderate-intensity exercise sessions target the 

anticipated postprandial glucose peak by promoting muscle contractions that enhance glucose uptake 

through both insulin-dependent and insulin-independent (contraction-mediated GLUT4 translocation) 

pathways, reducing hyperglycemia magnitude and overall glycemic variability. High-frequency CGM 

provides fine temporal resolution (5-min intervals) to capture the dynamic interplay between diet, 

exercise timing, and real-time glucose responses, revealing acute variability changes undetectable by 

traditional methods (Chang et al., 2020). Collectively, this intervention hypothesizes that repeated, timed 

lifestyle modifications can rapidly improve glycemic control in prediabetes by attenuating postprandial 

spikes and boosting insulin sensitivity. 

https://dummy-citation.com/citation?d=z%3AlZbPb9s2FMeTAsOCArunw7DxsMN%2B2Zbk390pdpKmaYxlTbdsuwg0%2BSTRpkiVpNwo2KHoYZf9ITvvmPP2P%2FW4PcmWk6xx0AGJYVPvke%2F7%2BL4f%2B83V1oNIGxELtc1faTO%2F2vpIUsbAWuD71EEceEG34Q1SppWjQoF5qiJ9tfVBTHOXaGNfS5FmlLlD%2FNeGe81eH4S1OeyAE07CxSdjqigXVJFjnRtFJdER2Rd0Cg5stNAyT2H3m2y9%2F4lmFHe62toWGY3hOVUxYJUiEsa6U1x59OBtImn9%2Fh9ZZhoxzTHJ%2FoaRXNG0zIgimgpZwDgpt4jFAtR8jCU4BQV53uRGS9h6Nz5%2BnqN4KZcZYmS0ngOZbI7fhzSzUCzjk1PKeUHGG8OTcWKEdQJW%2Bx9RpWhCDu5JoGk2XRc0m1DnEnhF9jdmiEND1V9%2FaGHrFK3EyxzWhzDB7dXWh4xrcfGx7zV9z%2B%2B1Zs0Zm%2FEm3ne50PT8Nhd2ql7jq1VvhN8ZDhtBr%2B%2BLoN0NGu1Bx2MpjWdtb9hv99p%2Br53oDPB64WJ%2Bfr3Is1TwpN0O%2BkNvOEjyTGrKn3L3y8L26XdBfLB%2FZDuTaLB3afNZNTfV2M3KMhq%2B1wgGaZZPpbBJPXnbldr5gbSwEGDI6Me5AYv3yuAHIy%2F%2BTpzL7ONWKxKxTaiBJtNpixonmATbmi1nMFwPjdCqtcdYnuaSOqHi8DQprGAYssecWAhXhEKFZzjqLtQmHBkBUTjSubMhGid8IgsGqWDhuNxQyzJ4j%2BcSH58Ll4SnBnD2q1kPqeJhPfgtv93utjvDfsvHSsvKgu5w4A363WbGo9jmU1dkeKfbWB%2Fo6JlQ%2FC04KmWB9yyZcMBHBU6zcg%2BdgQgMKAb8HB1sq9Xdzsp%2B9qY4UosjtTgiFKnEEY2tLMWRShxBcaQWR1biyuClOFKKIzfEERS3djUva9%2F9lOV4H1%2FV94HD1tQmbm2et%2Fdjke%2B9L4uGaxY9XDZDLgvUUseC1uj59v%2BgZ%2BeLa%2FTsBLfQ8%2Fu7RozOJCh3uXRhPEbfk73NHBmhxJSqVfQJduKe6OhcSHTFCiInYKUAcrQZCU8QCQtMWWEnOrAIEbMpHE7LdtSV5Kwg5xu3hjOaWroizRNM0qYgp%2FeEg5uJFSxfGIp7n2wMnk1ySOSU5nUxs4lgCQVJjjf38SiPonUf0TnpPfCGEQKr7iJOucIu3iP1maF5DdXqAmj6H6juVFB9VA25129Zz%2FPL70%2B%2F1%2Bh4Xb9xeYup5cOGP%2Bj9hHRtBw2vEwwqpgadXqfT9fod%2FwZTrxchS%2FGwuOsFvWHQWxI26HcCvx8Mrwk7eaVfHBcH06H5%2BfCQvYSnR98f3yYsFuX1G373bsJefHaWGWQGIvaMiRIvX49yi3NhLZmUvr%2BF3XFtcynUvGlXmRV7S5OgDVrItaX57%2BrLbeo9mK%2BA%2FQI%2F3kDgzeW7abj76904%2FHyFwz8PoggYAgx%2FhMAFGIYeIs6g%2FUs8UolHkQXSjGDlUxTLr6NKwqkc%2FV5%2BZyBCpYjAukICYtGBwZkoHxD8i2XONGYkOgVtHbVofERnVuMSiYpikL88p9I%2BxtPQnVyneArHgyvWSnyLZ1FZwXSnYumXd7L0rnb%2BCw%3D%3D
https://dummy-citation.com/citation?d=z%3ApVfLbhxFFJ1AEBGQXUAGRah22GDP254ZiCB%2B5EVeZhKIRIQmNd23u2umu6pTVe3xAIuABIss%2BABWLECIDWITEe%2BQ4Av4AVAW%2FEIURQJO9TwySeQgY8m2%2BlH31Lnnnnur%2FdlO4ZkwVh63Su8UDvRSHtKFLOmS9hor1UBpEQp5IEn94LQIoxi%2F1mCdyEOEkuarncJTfrertncKB4OI3IL779xbbf5ZKBT8mAJ7%2F%2Fh8%2FXl351mV3j%2B%2B%2FkLf3dBA%2BDa6f7x97%2Fpx3M7s%2B%2FR%2FAx49dvvGboAH3%2BjsE3Djp0PfzABe%2BDTF3X4AT176zt1MAF8q3XL4%2BwA8dXeNzQBefjHZJ%2BCZr%2F94CPDst%2FsEPPv2J7MaXvq74vD3CnjrlynguTtzsxperjb%2BT1FmAC98cevaLMObBbdyb4Bzs8bePPKDozQ19u8%2FO8L7Afxr4Jw8Tfnwj479PgDfu33CIUwBr7WdAnsFPOxIjQDbN488ZJtjr%2B299R4aDpeu3pmtcvumfJQhXc%2BUpeHBo20ywlguPWK0jWklDDFhGI%2BNYpo8lSQkffIZtywmbiyzA8WsSMiwlDQbEPUXsVrJkLWqbCBshDA%2F8wQecOmzribedzdZylKt3EKgIVQo3zAVMCOsde8dJrta%2F6jIWjXWqrM2eSQtwAxx7UUs4oZFk9kJCBsR65KkQNgch3telmQxpinA0mhohMdjPLViS9ghLrQyJo%2Fy%2BZC1lplVLFG%2BiyCWKmOXEkJAGGeegga07WXauMnMhARflcY0Ss9lBTW0MH23rx2mxKrMF7xLFqrMX65uLCCJFXYRL7GdsZkv8ELJBxydoGNmi2ABWSO%2BBeHlFhkrwtEC0qorvKUuNzPLmUmhqM9aDQZBCIRQBRtpwkaR0pZ1VQZB5kWRiousUl6qLLNEyIVcX8BolYG%2FSxWMNAs0nOB07mpBwSPBS60mm0RHCAwjvJ5KOH9ShJkmVll4C3EQBmIMIpGXCrmAzUAykaDoWwQTARdCGtoiDZlbLdz5wnO6BBB96FEiPOYpaWGSEQMWwG%2BumuOaLLJqnUWOu3zwyFXDVS%2FVuBJArpTLLEJN9BiULyy6Gjk3xLCBMYQfn2XGIbv9hMxUZqaFT5QUOMTd2%2Fn1U%2BcXUFDeRe0rKGqlXGFnUEbfF%2B7QdhZyaiDFROR400QmzgTBJ%2FsSmtgIDZdwKVHJSrmKS%2FB0%2FUfSU5lG04IUhM5baayiD0G5Ho66xmkwFhrcYAgE0oQcypc5h%2BfgtbxhHzT26NuD4fvkcWpF5g%2BU7u8UDsfIIVdtA8YMq%2BXq8lK5mTjtuADpMzJQ7vOHZxYONDdicAHISfwq7ZeLKw0SxmR0iKywMW0fXeeSo1aSvYv0JLaEBTbG%2FRNsqThLaG4xneKfm35WCTfB2hwjBANRBEIbu4knLz91N4rhldH1P3HuItHNEGS%2BdKNT8sRFBAFPRDyk9chBhGKLZH8dFKykIWsXfTiPCo%2BvD9sZko%2FjUYRY00r1iZ3fff0GJamh4Wh9tAm7DNn6rsuj9QizxAoa45%2BGE3jETjwhgCdpd0qod55bFHrANnaNECfRHb9%2BrzDcxyEwOfp%2BuoknfHyOPuv5Smy%2FUikXYfSVUq%2FY83p%2BEfV2D4rlSs0Xpitv4K%2BRn4tKvdVaqq40KqJaW64u1Zr1spfwsFcrtxq1lVplpRaplFBe2u5fefDQTxPhR7VatdEqt5pRlsaK%2B2d8%2B%2BGWafCL1fDExmlTPx80Vz82WS%2F3TW67nqOxhHlWbSZp1o2Fgc9HzjuQZ9s%2FEWO4CNh87YM%2BTg3U1aP3dbz9W2Rtat4slQIRmohrKsL8Ja6t8GIypd7Ig52padARpdWZpu1sjjujszrujI6QnUtu2HaU7qy5wdlZc4Ozgz7qnBqPgM76aJa5xas4ZvD6CqZ1ZxPH49jrHT
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The CGM data from the participant was analysed over the course of one week. Prior to the 

intervention, cardiovascular risk was assessed via the Bruce protocol treadmill test at Pendik Training 

and Research Hospital. Interstitial glucose levels were measured at five-minute intervals using a 

Medtronic iPro2 CGM device (Medtronic, Northridge, CA, USA). The study was approved by the 

Institutional Ethics Committee of Marmara University, and written informed consent was obtained from 

the participant. 

During the study, the participant's meal times were kept fixed (08:00, 12:00, 16:00, and 20:00), and 

moderate-intensity aerobic cycling exercise was performed three times a day (11:00, 15:00, and 19:00) 

for 30 minutes. A personalized nutrition programme consisting of four meals per day was planned for 

the participant to minimize intraday glycemic fluctuations and ensure standardization of measurements. 

All meals were arranged to be isocaloric and standardized with a macro-nutrient distribution of 50-55% 

carbohydrates, 15-20% protein, and 25-30% fat. 

The participant's basal metabolic rate (BMR) was calculated using the Harris-Benedict formula 

[655.1 + (9.56 × weight, kg) + (1.85 × height, cm) − (4.68 × age)] and the resulting value was multiplied 

by a physical activity factor of 1.3, taking into account the participant's sedentary lifestyle, to determine 

the daily energy requirement. 

In the moderate-intensity continuous training (MICT) protocol, the target heart rate was determined 

based on the heart rate reserve (HRR) calculated using the Karvonen method. This calculation utilized 

the participant's maximum heart rate and resting heart rate obtained during the Bruce protocol. The 

exercise protocol consisted of a 2-minute light-intensity active warm-up at 50% of HRR, followed by 1 

minute of passive rest. Subsequently, participants performed 25 minutes of moderate-intensity exercise 

at 60–65% of HRR, concluding with a 2-minute light-intensity active cool-down at 50% of HRR on a 

Concept2 BikeErg indoor cycling ergometer (Concept2, Morrisville, VT, USA). The total exercise 

duration was 30 minutes, and the protocol was performed three times daily at 11:00, 15:00, and 19:00 

for one week. The inclusion of the 2-minute warm-up and 1-minute passive rest interval was based on 

the recommendations of Bishop (2003), which suggest that a brief recovery period following a short 

warm-up can optimize subsequent performance by facilitating phosphocreatine resynthesis while 

maintaining elevated muscle temperature. The target heart rate was calculated using the following 

Karvonen formula (1): 

Equation (1) Target Heart Rate = [(Maximum Heart Rate - Resting Heart Rate) × Target Intensity 

%] + Resting Heart Rate 

The participant's fasting plasma glucose and insulin levels, and 2-hour glucose levels from a 75 g 

oral glucose tolerance test (OGTT), were measured before and after the intervention. Since HbA1c 

reflects approximately three months of glycemic control and no significant change was expected during 

the one-week intervention period, HbA1c levels were assessed at baseline. The Glucose Management 

Index (GMI) was then calculated at the end of the study based on the average glucose level obtained 

from CGM system (Bergenstal et al., 2018). The GMI value was derived using the formula (2): 

Equation (2) GMI = 3.31 + 0.02392 × [average sensor glucose (mg/dL)] 

Body composition measurements were performed using the TANITA BC-418 device (TANITA 

Corporation, Tokyo, Japan) via bioelectrical impedance analysis (BIA) before and after the intervention. 

Body weight, body mass index (BMI), fat mass, body fat percentage, and lean mass were measured; 

waist and hip circumference measurements were taken using a tape measure. 
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CGM Data Analysis 

CGM data were processed and analyzed in two distinct phases. First, raw glucose data were 

downloaded from the Medtronic iPro2 CGM device using the manufacturer's proprietary CareLink® 

software (Medtronic, Northridge, CA, USA) and exported in a standard spreadsheet (Excel) format. 

These data were subsequently imported into Glyculator 3.0 (Chrzanowski et al., 2023), a validated, 

open-source software tool for the standardized analysis of CGM metrics in accordance with international 

consensus recommendations (Battelino et al., 2019, 2022). All glycemic metrics were calculated 

automatically by the Glyculator software using the imported dataset. 

In the first stage of analysis, data were processed for three daily time windows: 24-hour (full day), 

daytime (07:00–23:00), and night-time (23:00–07:00). The calculated metrics are summarized in the 

following four categories: 

1. Average Glucose and Glucose Management Indicator (GMI) 

2. Time-Based Metrics: Percentages of time spent in the Target Range (TIR: 70-180 mg/dL), Above 

Range (TAR), and Below Range (TBR). 

3. Glycemic Variability Metrics: Standard Deviation (SD), Coefficient of Variation (CV), Mean 

Amplitude of Glycemic Excursions (MAGE) (Rodbard, 2012; Olsen et al., 2024; Cichosz et al., 2025). 

4. Risk-Based Metrics: Glycemic Risk Index (GRI), Low (LBGI) and High (HBGI) Blood Sugar 

Indices (Kovatchev et al., 1998; Klonoff et al., 2022). 

The second analysis defined five separate time windows focusing on intra-day periods containing 

exercise and meals: DM=07:00-11:00 (morning breakfast), DA1=11:00-15:00 (first exercise and post-

exercise meal), DA2=15:00-19:00 (second exercise and post-exercise meal), DA3=19:00-23:00 (third 

exercise and post-exercise meal), and DN=23:00-07:00 (night). For these windows, the maximum, 

minimum, maximum-minimum difference (range), mean, and standard deviation glucose values were 

calculated for each day. Due to the non-normal distribution in the comparison of these measurements 

repeated over one week, the non-parametric Friedman test and Durbin-Conover post-hoc pairwise 

comparisons were applied, and statistical significance was set at p<0.05. 

To minimize potential sources of bias, several measures were implemented. Measurement bias was 

reduced by using a calibrated, factory-set CGM device (Medtronic iPro2) and by standardizing the data 

processing pipeline through validated software (Glyculator 3.0). Performance bias was mitigated by 

strictly controlling the intervention: meal content and timing, exercise intensity (using heart rate 

reserve), and session duration were fixed throughout the study period. Although not applicable in a 

single-case design, selection bias was acknowledged as an inherent limitation regarding generalizability. 

Research Group  

The present study employed a single-case design (n=1) to conduct an in-depth, high-resolution 

analysis of glycemic variability and the acute effects of a combined lifestyle intervention—incorporating 

both a structured exercise protocol and a standardized Mediterranean dietary plan—under meticulously 

controlled conditions. The participant, a 40-year-old female with prediabetes, was classified as sedentary 

(defined as not having engaged in exercise for at least 3 days per week for more than 30 minutes per day 

during the preceding 3 months). She was specifically selected for her demonstrated ability to adhere to 

the intensive protocol, which required precise meal and exercise timing. This single-case approach was 

adopted to assess the feasibility of this novel, high-burden 1-week intensive exercise and diet 

intervention combined with CGM. The design eliminates inter-individual variability as a confounding 

factor, enabling a detailed longitudinal profile of glucose dynamics, while preserving individual-level 
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glycemic response variability—a key feature in prediabetes—that would be lost in group-averaged 

designs. The study thus serves as a proof-of-concept and feasibility assessment, generating hypotheses 

and effect size estimates to inform future randomized controlled trials. 

Statistical Analysis 

CGM data were processed and analyzed using Glyculator 3.0 (Chrzanowski et al., 2022), a validated 

software tool for standardized analysis in accordance with international consensus recommendations 

(Battelino et al., 2019,2022). All glycemic metrics were calculated automatically by the software. 

For the five intra-day time windows (DM=07:00-11:00, DA1=11:00-15:00, DA2=15:00-19:00, 

DA3=19:00-23:00, DN=23:00-07:00), maximum, minimum, maximum-minimum difference, mean, 

and standard deviation glucose values were calculated for each day. Due to the non-normal distribution 

in the comparison of these measurements repeated over one week, the non-parametric Friedman test and 

Durbin-Conover post-hoc pairwise comparisons were applied, and statistical significance was set at 

p<0.05. 

To minimize potential sources of bias, several measures were implemented. Measurement bias was 

reduced by using a calibrated, factory-set CGM device and by standardizing the data processing pipeline 

through validated software. Performance bias was mitigated by strictly controlling the intervention: meal 

content and timing, exercise intensity, and session duration were fixed throughout the study period. 

Although not applicable in a single-case design, selection bias was acknowledged as an inherent 

limitation regarding generalizability. 

RESULTS 

A subsequent comparison of the measurements taken before and after the one-week intervention 

revealed that the participant's fasting glucose level remained unchanged (90 mg/dL), while fasting 

insulin levels decreased from 16 µIU/mL to 8.91 µIU/mL and the homeostatic model assessment for 

insulin resistance (HOMA-IR) value decreased from 3.55 to 1.98. A minimal increase was observed in 

the 2-hour glucose level during the OGTT (from 97 to 99 mg/dL). The pre-intervention HbA1c value 

was 5.7%, while the intervention GMI value, calculated based on the CGM average glucose (106.88 

mg/dL), was 5.87%. The findings of the body composition analysis revealed a decrease in body weight 

(from 72.8 kg to 71.7 kg), BMI (from 29.92 kg/m² to 29.46 kg/m²), total fat mass (from 29.9 kg to 27.9 

kg), body fat percentage (from 41.4% to 38.9%), and trunk fat mass (from 15.00 to 13.70). In contrast, 

lean tissue mass demonstrated a modest increase (from 42.9 kg to 43.8 kg). No alterations were observed 

in waist circumference (88 cm), while hip circumference diminished (from 111 cm to 108 cm).  

Table 1. Summary Glycemic Metrics from the Participant's One-Week CGM Data. 
Metric Whole 

Day 

Day 

time 

Night 

time 

Relevance in Prediabetes 

Mean Glucose (mg/dL) 106.88 109.24 101.63 Primary glycemic indicator 

Glucose Management Indicator 

(GMI, %) 
5.87 5.92 5.74 Correlates with HbA1c 

Time in Range (TIR, %) 100.0 100.0 100.0 Key therapeutic target 

GRADE Hyperglycemia (%) 17.41 17.50 16.97 
Captures sub-TAR high 

glucose excursions 

Standard Deviation (SD, mg/dL) 15.68 16.97 10.58 
Absolute measure of glycemic 

variability 

Coefficient of Variation (CV, %) 14.67 15.54 10.41 
Core variability metric (target 

<36%) 

https://dummy-citation.com/citation?d=%3D
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Mean Amplitude of Glycemic 

Excursions (MAGE, mg/dL) 
28.07 28.23 24.09 

Magnitude of clinically 

relevant excursions 

Mean of Daily Differences (MODD, 

mg/dL) 
11.05 – – Day-to-day glycemic stability 

Glycemic Risk Index (GRI) 0.0 0.0 0.0 
Composite glycemic risk 

metric 

Low/High Blood Glucose Index 

(LBGI / HBGI) 

0.58 / 

0.20 

0.55 / 

0.29 

0.65 / 

0.07 

Hypo-/hyperglycaemia risk 

profile 

As illustrated in Table 1, the acronyms CGM (Continuous Glucose Monitoring), GMI (Glucose 

Management Indicator), TIR (Time in Range), GRADE (Glucose Rating and Adjustment Equation), SD 

(Standard Deviation), CV (Coefficient of Variation), MAGE (Mean Amplitude of 

GlycemicExcursions), MODD (Mean of Daily Differences), GRI (GlycemicRisk Index), LBGI (Low 

Blood Glucose Index), and HBGI (High Blood Glucose Index) are defined as follows. 

The following section presents a summary of the values obtained from the analysis of the 

participant's one-week CGM data, using international consensus metrics. These values are set out in 

Table 1. As indicated by time-distribution metrics, 100% of glucose values were found to be within the 

target range (TIR: 70-180 mg/dL). When glycemic variability was assessed, the standard deviation was 

found to be 15.68 mg/dL, the coefficient of variation (CV) was 14.67%, and the mean amplitude of 

glycemic excursions (MAGE) was 28.07 mg/dL. The risk-based metrics comprised a Glycemic Risk 

Index (GRI) of 0.0, a Low Blood Glucose Index (LBGI) of 0.58, and a High Blood Glucose Index 

(HBGI) of 0.22. A comparison of the daytime (07:00-23:00) and night-time (23:00-07:00) periods 

revealed that the average glucose levels (109.24 mg/dL and 101.63 mg/dL, respectively) and variability 

metrics (CV: 15.54% and 10.41%) were higher during daytime hours. 

A detailed analysis specific to daily activity periods revealed time-dependent changes in glucose 

dynamics (Figure 1). Statistically significant differences were detected when comparing repeated 

measurements across five different time windows (DM: Morning, DA1-DA3: Post-exercise periods, 

DN: Night). 
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Figure 1. The measurement of condition-specific differences in minimum, mean, maximum, 

glucose variability (standard deviation, SD), and range (maximum-minimum) of glucose levels derived 

from CGM sensor. 

The following figure illustrates box-whisker plots, which demonstrate the distribution of minimum 

glucose values during five distinct time windows: morning (DM), three post-exercise periods (DA1, 

DA2, DA3), and night (DN). The data presented herein correspond to the median and interquartile range 

derived from a one-week period of CGM. A significant difference between periods was indicated by the 

application of the Friedman test, with Durbin-Conover post-hoc comparisons being used to analyse the 

data. It is indicated by the use of asterisks that significant differences have been identified at the level 

of p < 0.05, p < 0.01 and p < 0.001, respectively. 

The Friedman test for minimum glucose values demonstrated a statistically significant difference 

between measurement conditions (χ²(4) = 12.2, p=0.016). As demonstrated by Durbin-Conoverwise 

comparisons, minimum glucose values recorded in morning measurements (DM) (Median = 96.0 

mg/dL) were higher than all post-exercise periods (DA1: 86.5 mg/dL, p = 0.002; DA2: 86.0 mg/dL, p < 

0.001; DA3: 87.5 mg/dL, p = 0.002) and the night period (DN: 91.0 mg/dL, p = 0.033). 

A subsequent analysis of mean glucose values confirmed significant differences between 

measurement conditions (χ²(4) = 15.6, p=0.004). The lowest mean glucose levels were observed in the 

night-time measurements (DN: Median = 98.8 mg/dL). In pairwise comparisons, the mean values for 

morning (DM: 113.7 mg/dL, p<0.001) and all post-exercise periods (DA1: 110.6 mg/dL, p<0.001; DA2: 

105.7 mg/dL, p=0.020; DA3: 110.9 mg/dL, p<0.001) were found to be significantly higher than the 

night-time values. The mean values for the morning and DA2 (p=0.011) exercise periods also 

demonstrated a significant difference. 

A significant difference was also determined between conditions for maximum glucose values 

(χ²(4) = 16.0, p = 0.003). The highest maximum glucose values were observed in morning measurements 

(median = 153 mg/dL), while the lowest values were recorded during the night period (DN: 112 mg/dL). 

Pairwise comparisons revealed significant differences between morning (DM) and night (DN) 

(p<0.001), as well as between night (DN) and all post-exercise periods (DA1: 140 mg/dL, p<0.001; 

DA2: 139 mg/dL, p=0.002; DA3: 138 mg/dL, p=0.002). No significant difference was observed between 

morning and DA1 (p=0.095); however, significant differences were observed between morning and 

DA2 (p=0.016), and between morning and DA3 (p=0.016). 
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A thorough examination of the standard deviation (SD), a metric of glucose variability, revealed a 

substantial discrepancy between conditions (χ²(4) = 12.9, p=0.012). Glucose variability in night 

measurements (DN: Median = 5.38 mg/dL) was significantly lower than in the morning (DM: 16.35 

mg/dL, p<0.001) and all post-exercise periods (DA1: 17.17 mg/dL, p<0.001; DA2: 16.04 mg/dL, 

p=0.002; DA3: 16.22 mg/dL, p=0.008). Statistically significant differences were not identified between 

the measurements taken during the day (DM, DA1-DA3). 

The Friedman test, a statistical analysis tool, was employed on glucose range (maximum-minimum 

difference) metrics. This analysis revealed a statistically significant difference between the various 

measurement times (χ²(4) = 14.6, p= 0.006). The widest glucose variation range was observed in the 

morning measurements (DM: Median = 58.0 mg/dL), while the narrowest range was recorded during 

the night period (DN: 23.0 mg/dL). As demonstrated by pair comparisons, the glucose range of the night 

measurement (DN) was significantly lower than that of the morning (DM, p<0.001) and all post-exercise 

periods (DA1: 53.0 mg/dL, p<0.001; DA2: 52.5 mg/dL, p=0.002; DA3: 51.0 mg/dL, p=0.008). A 

significant difference was also observed between the morning glucose variation range and the DA3 

(p=0.045) exercise period. 

DISCUSSION AND CONCLUSION 

The rationale for this single-case (n=1) design is the lack of prior research on the acute, high-

resolution effects of a one-week intensive diet and exercise protocol combined with CGM in prediabetes. 

An n=1 approach uniquely preserves individual glycemic response patterns—which would be averaged 

out in group designs—while providing proof-of-concept and feasibility data for future larger trials. 

Given this design, all interpretations should be considered hypothesis-generating rather than conclusive. 

This single case study illustrates the acute effects of a one-week structured diet and exercise 

intervention on insulin sensitivity, body composition, and CGM metrics in an individual with 

prediabetes. Given the single-case design, all interpretations should be considered hypothesis-generating 

rather than conclusive. 

The marked decrease in fasting insulin and HOMA-IR values observed after the intervention 

suggests that metabolic improvements in insulin sensitivity may be possible in the short term. This 

finding is consistent with previous studies showing that resistance and interval exercise can rapidly 

improve insulin signalling pathways by increasing muscle glucose uptake (Winnick et al., 2007; Whyte 

et al., 2010). The observed acute metabolic response highlights the dynamic interaction between 

physical activity and glucose homeostasis. However, further research is needed to develop evidence-

based, detailed guidelines on how to translate real-time CGM feedback into actionable, personalized 

exercise prescriptions in prediabetes management (Choi et al., 2023; Chiumello et al., 2025). 

The reduction in fat mass and percentage, along with a slight increase in lean tissue mass, suggests 

that the applied protocol may have promoted lipolysis while having protective or supportive effects on 

muscle mass. This increase in lean tissue mass is consistent with the known effects of exercise on energy 

balance and metabolism. These results suggest that even short-term interventions may lead to positive 

early changes in body composition, although replication in larger samples is needed. 

This study is characterised by its detailed analysis of CGM data in a prediabetic individual, which 

reveals the dynamic nature of glycemic control. One-week CGM summary metrics revealed a 

discrepancy: while mean glucose and TIR were within normal limits, glycemic variability was elevated 

(CV 14.67%; MAGE 28.07 mg/dL). This pattern suggests that early impairment of glucose homeostasis 
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primarily manifests as increased glycemic variability before causing overt hyperglycaemia, which 

supports the necessity of evaluating these metrics in prediabetes (Battelino et al., 2019). Higher daytime 

variability confirms the impact of meals and activity. Such variability has been associated with an 

increased risk of diabetes via oxidative stress and vascular dysfunction (Cichosz et al., 2025; Olsen et 

al., 2024), making it a potential therapeutic target. 

The findings regarding exercise timing represent a notable finding of this study. Pre-meal exercise 

appeared to blunt the postprandial glucose response: peak postprandial values were lower in exercise 

epochs (mean 139 mg/dL) compared to the non-exercise morning period (154 mg/dL), and postprandial 

nadirs were also reduced (from 97.2 to 86.6 mg/dL). This suppression of postprandial excursions aligns 

with the concept of 'exercise snacks' (Francois et al., 2014). Importantly, this acute intervention may 

have targeted the source of the elevated glycemic variability identified in our CGM analysis. While 

overall glucose variability (SD) was unchanged, the range of postprandial excursions showed a 

narrowing trend (becoming significant for the DA3 vs. DM comparison). This "blunting" effect suggests 

that the postprandial glucose spikes contributing to early dysglycemic variability may be acutely 

modifiable through the strategic timing of exercise, possibly mediated via rapid improvements in muscle 

insulin sensitivity (Zhang et al., 2020). Consequently, for prediabetes management, exercise timing may 

be an important variable alongside exercise volume for optimizing glycemic control, though this requires 

confirmation in larger studies. 

Methodologically, analysing CGM data with standardized tools such as Glyculator facilitates the 

integration of advanced glycemic variability metrics such as MAGE into clinical research and increases 

data comparability (Chrzanowski et al., 2023). However, the GMI estimate used instead of HbA1c may 

deviate from laboratory values due to individual differences in glycation rates, and this should be 

considered a limitation of the study. 

This study is limited by its single-case design and short CGM monitoring period; this restricts 

generalization and precludes causal inferences. Insulin sensitivity was not directly assessed using gold 

standard methods such as the hyperinsulinemic-euglycemic clamp, and therefore interpretations are 

based on glycemic patterns rather than direct physiological measurements. Additionally, behavioural 

factors that could influence the glycemic response, such as dietary content, psycho-social stress, and 

sleep quality/duration, were not systematically controlled. The structured timing of meals and exercise 

may also limit applicability to free-living conditions. Consequently, any mechanistic interpretations 

offered here should be viewed as speculative and hypothesis-generating. 

This study illustrates the acute metabolic effects of a short-term structured intervention in a 

prediabetic individual, as assessed by CGM. The findings suggest the potential for rapid improvement 

in insulin sensitivity (decrease in HOMA-IR) and body composition, but these observations are 

preliminary. 

More importantly, CGM analysis detected early, subtle dysglycemic patterns such as increased 

glycemic variability (CV 14.67%) and postprandial fluctuations, despite normal mean glucose and 

excellent time in range (TIR 100%). This suggests that glycemic variability metrics may provide 

valuable information beyond traditional measurements in prediabetes monitoring. The suppression of 

the postprandial glucose response by pre-meal exercise highlights the potential importance of timing in 

behavioural interventions. This case illustrates CGM's dual value: first for diagnosis/phenotyping 

(detecting hidden variability), and second for therapy guidance/personalization (using real-time data to 

time exercise effectively). 
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In conclusion, CGM holds potential as a useful tool for personalized monitoring in prediabetes. 

From a practical standpoint, this case suggests that a high-volume exercise regimen (totaling 90 minutes 

per day, divided into three 30-minute sessions) may elicit favorable acute glycemic responses, 

particularly in attenuating postprandial glucose excursions. While this daily volume exceeds the general 

ACSM recommendation of 150 minutes per week for health maintenance, the findings suggest that 

short-term, concentrated exercise stimuli may provide immediate metabolic benefits for sedentary 

individuals with prediabetes. However, the generalization of these findings is limited by the single-case 

design and short duration. Larger, longer-term studies are needed to determine the long-term clinical 

role of CGM in prediabetes management and the sustainability of such intensive exercise algorithms. 
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